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Abstract

A new team has been created to develop a storm nowcasting
system in INPE (National Institute for Space Research in Brazil).
We have implemented more than 50 products addressing the 4
phases of nowcasting: pre-convective, convective initiation,
mature storms and forecasting. However, one of their main Phases:
objectives is to create a nowcasting tool based on IA and itisa 1. Pre-convective condition?
work in progress. Several field campaigns were carried out
collecting data (i.e. meteorological satellites and radar, numerical
weather models, automatic weather stations and lightning
sensors) of severe convective events in Brazil. Analysis are being
doing to characterize these extreme events and create a dataset.
The characterization is defined by the collocated information of
different observations during to the life cycle of those events
using a tracking system developed by INPE (ForTraCC). All this
information will feed machine learning models to determine
regional predictors and methodologies for the automatic system.
Since nowcasting can be an abundant area for research and
application of Al, It will provide a great opportunity for us to
cooperate and share knowledge with different research groups
and institutions to develop and evaluate new tools for weather
prediction.

2. Storm! Severe? And 4. Let's
tracking and predict...
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Dataset to traiving:
CHUVA Project, GO-
Amazon, SOS-CHUVA
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